Pretraining Large Language Models to Fill in the Middle
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Figure 3. A sample HumanEval AR and infilling example + solution.

follow-up work will be looking into where the divergence
arises, as well as further attempting to perform infilling
with autoregressive models and prompting.
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In this project, | used and developed on top of
EleutherAl's GPT-NeoX library, which uses Nvidia
Megatron and Microsoft Deepspeed libraries to support
3D parallel training, and achieved up to 50% MFU in
training 1.3B parameter models.
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Figure 2. 3D Parallelism Techniques

(https://www.microsoft.com/en-us/research/blog/deepspeed-extreme-scale-

model-training-for-everyone/)
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Figure 4. Sample Transformer Architecture Diagram

(https://jalammar.github.io/illustrated-transformer/)
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